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A research on the understanding of structural
equation modeling for rhythmic exercise study
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Abstract

The purposes of this study are to explain the concept of factor analysis used frequently in rhythmic exercise study

through focusing on the misusage of principal component analysis and to introduce both basic concepts and theories in

order to help research beginners from the rhythmic exercise study. Document analysis was adapted for a research

method. As a result, this research firstly found that principal component analysis was not a common factor analysis .

Secondly, this study presented the basic concepts and definitions for the application of the structural equation modeling.

Thirdly, six points which are the key points in the structural equation modeling were confirmed. Finally, the study

suggested the examples of the structural equation modeling.
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